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1,0.3,"Braund, Mr. Owen Harris",male.jthsdjfgdshfeds, 1,0,A/5 21171,7.25..8
2,1,1,"Cumings, Mrs. John Bradley (Florence Briggs Thayer)”,femgale,38.1,0.PC
17599,71.2833,C85,C

3.1,3,"eikkinen, Miss. Laina" female,26,0,0,STON/O2. 3101282,7.925..8
4.1,1,"Futrelle, Mrs. Jacques Heath {Lily May Pecl)”, female,35,1,0. _Q)3.53.].C123,S
5,0,3,"Allen, Mr. William Henry",male,35.0,0,373450,8.05,, T\

6,0.3,"Moran, Mr. James",,,0,0,330877,8.4583,,Q *

7,0,1,"McCarthy, Mr. Timothy J",male,54,0,0,17463 &z S

8.0,3,"Palsson, Master. Gosta [eonard",male, 2%, ,3@ #21.073..8

9.1,3,"Johnson, Mrs. Oscar W (Elisabeth Vil CN?Q
Berg)".female,27,0,2,347742,11.1333, .

10,1,2,"Nasser, Mrs. Nicholas

11,1,3,"Sandstrom, Miss. M ut” female,4,1,1.P1 9549,16.7.G6,5
12,1,1,"Bonnell, Miss. Elizabéth", female,58,0,0,113783,26.55,C103,8
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25,0,3,"Palsson, Miss. Torborg Danira",female.§,3,1,349909,21.075..5
26,1,3," Asplund, Mrs. Carl Oscar (Selma Augusta

Frmilialahancenm)! femala 38 1 5 347077 11 3875 S

1Y, female, 14,1,0.237736,30.0708..C
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Dataset Information

Additional Information

The data is related with direct marketing campaigns of a Partuguese banking institution. The marketing campaigns were based
on phone calls, Often, more than one contact 1o the same client was required, in order to access if the product (bank term
depasit) would be ('yes') or not ['no] subscribed.

There are four datasets:

1) bank-additional-full.esy with all examples (41188) and 20 inputs, ardered by date [from May 2008 10 November 2010}, very
close 1o the data analyzed in [Moro et o, 2014]

2} bank-additional.csv with 103 of the examples (4119), randomly selected from 13 and 20 inputs.

3} bank-full.csv with all examples and 17 inpuls, ordered by daie {older version of this dataset with less inputs).

4 bark.csv with 10% of the examples and 17 inputs, randomly selected from 3 {older version of this dataset with less inputs)
The smallest datasels are provided to test mare computationally demanding mochine fearning algoritbrus {e.9. SVM).

The classification goal is to predict if the dient will subscribe (yes/no) & term deposit (varmble v},
SHOW EESS ~
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